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Motivation
Could we learn a single vision-based policy for agile parkour?
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Agile Parkour:

e Extreme motion needs precise control.
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e The heading should be adjusted by robot itself. Computation:
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where M is a boolean function which is 1 iff the lies within 5cm of an edge. —+— NoClear —e— NoDir —#— Qurs —¥— Zhuang et. al



http://robo-skills.github.io

